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This article examines trust-building systems in online sales where direct physical
interaction between buyer and seller is absent. The study argues that digital trust is
not formed as a single psychological reaction, but as a systemic outcome of
interconnected technological, informational, social, and institutional mechanisms.
Particular attention is paid to transparency, accuracy of product information, quality
of digital content, UX/UI design, customer reviews, electronic word of mouth, platform
rules, and post-purchase service. The paper analyzes cognitive, emotional, and
institutional dimensions of trust and explains how they interact with perceived risk,
information asymmetry, and uncertainty in platform-mediated commerce. A separate
focus is placed on the role of artificial intelligence in online sales. Al-based
recommendations, automated product descriptions, chatbots, and personalization
tools can increase convenience, relevance, and efficiency; however, they may also
create risks of opacity, manipulation, biased decision-making, and loss of authenticity.
The study therefore interprets Al as both a mechanism of trust formation and a
potential factor of trust erosion. Based on recent research in e-commerce, platform
governance, social proof, user experience, and Al-mediated communication, the article
proposes an integrated framework of digital trust. This framework presents trust as a
dynamic and cumulative process that develops through repeated interactions,
consistent signals, reliable service, and effective governance rather than as a fixed
precondition for a transaction. The findings highlight the importance of coherent trust-
building systems for online sellers and marketplaces seeking to strengthen consumer
confidence in the absence of physical contact.
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Y wift craTTi po3riAfarTbCcad CHUCTEMH NOOYZO0BH JOBipH B OHJIAMH-NPOJAXKAX, Je
BiacyTHs nmpsiMa $isuvyHa B3aeMofjisg MiX MOKynueM i mpojaBueM. Y AoCaifxeHHI
CTBEP/KYEThCS, 10 LUppoBa JoBipa PopMyeTbca He K OKpeMa IICHXOJIOTi4Ha
peakuis, a fK CUCTeMHUH pe3y/bTaT B3AaEMOINOB'A3aHUX TEXHOJIOTIYHHUX,
inpopMmauiiiHuX, conjalpbHUX Ta IHCTUTYLiHHUX MexaHi3MiB. Oco6/suBa yBara
NPUZIISETBCA NMPO30POCTi, TOYHOCTI iHdopMaLii mpo HmpoAyKT, AKocTi 1udpoBOro
koHTeHTy, UX/UI nu3aiiny, BiirykaM KJI€HTIB, €JIEKTPOHHOMY «capadaHHOMY pafio»,
NpaBUJaM MJIAaTOPMH Ta MiCAANPOJAKHOMY 00CIYTOBYBaHHIO. Y CTaTTi aHAMi3yIOThCS
KOTHITUBHI, eMOLilHi Ta iHCTUTYUiliHi BUMipu OOBipU Ta NOSICHIOETHCS, IK BOHU
B3aEMOJiIOTh 3i COpUHWHATUM puU3UKOM, iHPopMaliiiHOIO acuMeTpiero Ta
HeBH3HaueHicTIO B MJaTOpPMHO-ONOCepeAKOoBaHid koMeplil. Oxpema yBara
NPUAIIAETBCA POJIi IITYYHOTO iHTEJNIEKTY B OHJIalH-IpoJakax. PekoMeHjanii Ha oCHOBI
IITYYHOTO i{HTEJEKTY, aBTOMAaTU30BaHi OMMCH MPOJYKTIB, 4aT-60TH Ta iHCTPYMEHTH
nepcoHasizanii MOXyTb NiJBUIUTH 3pY4YHICTb, pesieBaHTHICTb Ta e(pEeKTHUBHICTH;
OJIHAK BOHM TaKOX MOXYTb CTBOPIOBATHM PHU3UKM HENPO30pOCTi, MaHimyasauiy,
ynepeJ»KeHoro NpUHWHATTS pilleHb Ta BTpaTH aBTeHTHYHOCTi. ToMy JocJi/pKeHHs
inTepnpetye LI gk MexaHi3aM dopMyBaHHS [OBipH, Tak i moTeHUiHUN ¢akTop ii
po3MHBaHHA. [PYHTYHOYKMCh Ha HEI[OJABHIX JOCHIKEHHSX Yy cdepi eJeKTpOHHOI
KoMepii, ynpaB/iHHA miaTopMaMy, COLiaJIbHOTO J0Ka3yBaHHS, KOPUCTYBALbKOIO
JOCBiJly Ta KOMYHIKalii 3a JONOMOI0 LITYYHOr'O iHTEJIEKTY, ¥ CTaTTi IPONOHYETHCA
iHTerpoBaHa cTpykTypa Ludpooi moBipu. s cTpykTypa npejcraBisie AoOBipy sk
JUHaMiYHUN Ta KyMYJSTHBHUM Npollec, 110 pPO3BUBAETbCA uepe3 IOBTOPIOBaHI
B3a€EMO/ i, MoC/IiJ0BHI cUrHaIY, HaJliliHe 06CayroByBaHHSA Ta eQeKTUBHE YIIPaBJIiHHS,
a He fAK ¢ikcoBaHy mepeAyMOBY /AJs TpaH3aklii. PesyabTaTh mociifkeHHA
HiIKPeCJI0ITh BAXKJIMUBICTh Y3TO/PKEHHUX CHUCTEM MOOYJOBH [JOBipHU [ OHJIAWH-
NpOJaBLiB Ta TOProBUX MaiJaHUUKIB, AAKi IparHyTh 3MILHUTH [OBipy CIO>XXHBayiB 3a
BiicyTHOCTi pi3MYHOr0 KOHTAKTY.

KJ/IIOYO0BI CJIOBA

yudpoBa [A0Bipa, eJIEKTPOHHA KOMepLis, MTY4YHHN IHTeJEeKT, yNpaBJiHHSA
miaTopMaMu, COllia/IbHUM MAo0Ka3, KopucTyBaubkui paocBig (UX), moBemiHka
CNOXKMBayYiB OHJIaMH, aCUMETPis AOBipH.
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1. Introduction

1.1. Trust as a Core Element of Online Commerce

Several studies have found that the use of artificial intelligence will make it difficult for consumers
to know whether the recommendations made to them are based on their interests or whether they are
being manipulated [2; 8]. It is now clear that the nature of consumer-trust relationships has evolved
dramatically over recent decades. It was previously assumed that trust was primarily the result of
personal interactions with merchants. However, due to the increasing use of technology in business-to-
consumer transactions, trust is now considered to be an emergent property that arises from the
interaction of many different factors, such as the design of websites, the accuracy of product information,
reputation mechanisms, and after-sales support services [3; 7].

In addition to the above, there is evidence that trust is a critical factor that drives both short- and
long-term buying behavior in e-commerce [11]. Consumer perceptions of trust are influenced by a wide
range of variables, including how well products are described, how easy it is to find the products you want,
the speed and reliability of shipping, the ease of returning products if you do not like them, and the
availability of mechanisms for resolving complaints about products [5; 9].

1.2. Absence of Physical Interaction as a Structural Limitation

The absence of tangible engagement in electronic commerce is a defining facet of the process rather
than a passing annoyance. Customers cannot touch, see, or assess a product or seller, and they cannot even
establish a direct seller-buyer link that allows for direct return transactions. The absence of direct links
increases the buyer and seller apprehension related to payment, product, delivery, and data assurance [3;
6]. Thus, electronic commerce has a trust vacuum that commerce must fill. Buyers cannot touch, see, or
assess a product before buying, and therefore must rely on alternative measures that are also vulnerable;
i.e., photographs, descriptions, evaluations, and suggested content [12]. As is the case with Kamran et al.
(2024), trust relates to ability and credibility; once trust is broken, everything else falls apart, including
the willingness to buy [7]. The ability of electronic commerce to make personal recommendations adds
another level of complexity. Buyers are less likely to experience cognitive overload when electronic
commerce generates content or makes recommendations. However, concerns are less likely to be assured,
and trust and confidence are more likely to be compromised [1; 13]. The absence of tangible engagement
in commerce without contact also interacts with algorithms.

2. Literature Review

2.1. Nature of Trust in Digital Commerce
2.1.1. Cognitive vs. Emotional Trust

Trust in digital commerce is multidimensional in nature as it has both cognitive and emotional
components involved. On one hand, cognitive trust relies on rational, process-oriented information
evaluation about the competence and trustworthiness of the seller or platform. This form of trust
develops as consumers review product descriptions, consider price points, identify website security,
and review the security of institutional policies [3; 7]. Critical assessments or judgments are made based
on the provision of evidence and consumers’ previous experiences. Because of the absence of
opportunities for direct verification, in online settings cognitive trust is particularly fundamental. On
the other hand, emotional trust is based on feelings of comfort, familiarity, and kindness. It
demonstrates the psychological security perceived by consumers while interacting with a digital brand
or platform [12]. Although emotional trust is often slower to develop in online contexts, it is the most
significant variable for repeat purchases and for long-term loyalty. Consistent communication, attentive
staff, and post-purchase support are examples of elements that build emotional trust. Emotional trust
has a particularly key role in the seller-buyer relationship for service failures that are minor or for cases
of lacking information [3].
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2.1.2. Risk Perception in Online Transactions

In digital commerce, risk perception is vital, but trust is even more so. When buying online, there
is always risk in the quality of the product, the delivery of the product, the security of the payment, and
the safety of the data. In cross-border e-commerce and platform-mediated marketplace transactions,
the risk is even higher because the sellers might be anonymous and might be from another country [5;
19]. The examined data suggests that risk and purchase intentions have an inverse correlation, and trust
signals increase purchase intentions [6].

Trust signals include company policies, payment security, and positive user feedback. Risks from
the consumer perspective describe the absence of reliance on risk assessment based on objective
probability in contexts of significant uncertainty. When users are saturated and fatigued with
information, the most critical factors are heuristics and social indicators [2; 7].

The increased use of Al in e-commerce is still seen as risky. Al is used in customer service, product
recommendations, and automated product description generation. Al is efficient, but there are risks in
terms of manipulation, shopping bias, and product inauthenticity [1; 15]. Undocumented algorithms and
automated decision-making processes erode consumer trust because they don’t understand or feel they
can question the processes in place [13]. To be trusted, an automated system must remove both the old
risks and the new risks created by algorithms.

2.1.3. Trust Asymmetry between Buyer and Seller

The absence of trust in online commerce is particularly noteworthy. The seller has the most
knowledge of the product and the supply chain, while the buyer has the most risk. This absence of trust
is increased by the seller platform, where there are multiple actors in the supply chain, including the
seller, the platform, the logistics provider, the payment processor, and multiple roles in the service chain
[2; 5].

Consumers distrust institutions, individual sellers, and platforms in two ways. In the first case,
sellers are trusted less than platforms and brands. When individual sellers are in question,
paradoxically, trust is shifted to the institution, brand, or platform. Trust-building mechanisms, such as
buyer protection or escrow trust systems, can mitigate risk and enable trust at the platform level [10].
The second way is indicative of the absence of negative trust. Signals of trust may, paradoxically, in the
absence of trust, mislead and lose trust at the brand or individual level, and tend to be more powerful
than the absence of trust [12].

The negative trust signals of online selling can be described (and the more those signals are
described, the more reliance and trust systems will be collateralized, the more trust will be
strengthened). As demonstrated in Figure 1, online systems that are reliable and trustworthy are often
vulnerable to trust asymmetry and perceived collateral risk.

2.2. Transparency as a Foundation of Trust
2.2.1. Clear Pricing, Policies, and Communication

Given how online transactions lack any form of physical interaction, having an online business
that allows some form of flexibility is crucial, and providing potential customers with as much clarity as
possible is the best way to minimize potential losses in sales. This is achieved by communicating any
possible issues that consumers may face and by providing customer support. From a psychological
perspective, trust is gained and retained because of the correlating facts and lack of discrepancies in the
online platform and is a reflection of the vendor’s reliability [3; 7].

The importance of outcome predictability in online transactions is because customers cannot see
the changes made to the vendor’s website, explanation shifts, and internal pricing calculators. Trust is
severely damaged and is likely to be withheld as a form of protest [9; 19].

An understanding of your customer, trust, and pricing are the three elements that an online
vendor must maintain. Consumers, especially worried online buyers, want to know and understand the
vendor’s policies on returns, exchanges, and overall privacy practices. The element of describing the
policies lends to the overall trust of the vendor, and breaks the psychological barrier to switching to the
purchasing stage. As displayed by Jabeen et al. (2024), trust and purchase intentions of consumers are
greater towards high-risk/uncertainty products when the vendor’s policies are easy to understand,
visible, and clear [6].
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Figure 1. Multidimensional Structure of Trust in Digital Commerce
Source: Built by the author.

2.2.2. Product Information Accuracy

Without physical contact, the best and sometimes only way to evaluate products in online sales
transactions is through the descriptions, specifications, photos, videos, and so on that accompany the
product listings. Without physical contact, these descriptions (the perceived representation of the
product, as it is sometimes called) also serve consumers as the reliable representation of the product.
When customers perceive a service as reliable, it generates cognitive trust. However, trust is quickly and
to a large extent lost when the product's representation fails [12].

Descriptions written by Al create both opportunities and threats [20]. The large language models
(LLMs) that Al uses increase the consistency, readability, and search optimization of the descriptions,
which positively impacts accessibility and search visibility [8, 18]. The absence of a competent, capable,
and reliable person in the process render the descriptions as incompetent and unreliable, and even lead
to erroneous, excessive, and homogenized descriptions [13].

For the consumers, the most trust-generating aspect is that the descriptions accurately reflect
how the product performs [20]. Al is able to create optimized descriptions at the same time-increasing
the misunderstanding of the product [4]. Instead of increasing the accuracy and reliability of the
representation, sellers and platforms are increasing automation. This must change.

2.2.3. Role of Platform Governance

The creation of trust by buyers in online sales in the past few years has been influenced more by
the governance of the platform, regardless of the seller. As a middle agent, online marketplaces set the
governance of the seller by controlling how information should be structured and how conflicts should
be resolved. While the platform rules and their monitoring and enforcement system build trust because
of the legitimate system that can deter bad behavior [10].

Out of the several types of governance in online marketplaces, the governance of the algorithms
that control the online marketplace is the most significant when it comes to fostering trust among
buyers. The trust in buyers is built by how online marketplaces engage with the sellers through
sponsored listings, search rankings, and recommendations. Given that more marketplace performance
and efficiency systems are in place, the trust system is based can be a source of anxiety [9]. Therefore,
when it comes to improving transparency, adequate governance algorithms should be kept to not fully
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reveal the control to conceal overtly the reason why the content is ranked and promoted in a certain
order.

Moderate-level Al systems, including those detecting bad faith behavior, can build trust systems
positively when used consistently. However, Ren et al. (2024) clearly state that underdeveloped
algorithms may cause a trust crisis at the core of the e-commerce marketplace [13]. The core of the e-
commerce marketplace should rely on trust based on algorithms, but there should be enough
transparency to go beyond the surface to account for and allow for being heard through the core. Table
1 illustrates this constellation of trust and transparency.

Table 1. Transparency Mechanisms and Their Trust Effects

Transparency Mechanism Primary Trust Dimension Trust Risk if Absent
Clear pricing Cognitive trust Perceived opportunism
Accurate product descriptions Cognitive trust Product dissatisfaction
Accessible platform policies Institutional trust Risk avoidance behavior
Governance disclosure Institutional trust Algorithmic skepticism

Source: Formed by the author.
2.3. Social Proof and Reputation Mechanisms
2.3.1. Reviews, Ratings, and User-Generated Content

Shoppers who do not engage in person are replacing first-hand experiences with social proof.
Reviews, scores, and numerous instances of user-generated content win the trust of purchasers to
evaluate the merchandise and vendors based on other shoppers’ experiences. Trust and intended
purchase positivity in e-WOM (electronic word of mouth) is established to be beneficial in online
settings [3; 12]. Social proof is effective due to two main reasons. Buyers have social proof and the
purchase is socially acceptable and justified [4; 7]. Shoppers allocate social proof and have trust from
the reviews to feedback with strong details. The trust volatility prompted by consumer-generated
content is a trust volatility that needs to be monitored and explored [12].

2.3.2. Influencers and Expert Validation

Aside from peer-produced content, integrating influencer marketing and expert proofing is
important as trust multipliers in online marketing. Marketing influencers smooth the flow of
information. They take facts about products and transform them into narratives. In this way, they make
online marketing more interpersonal and cultivate trust on an emotional level [6; 17].

When consumers think of marketing influencers as genuinely knowledgeable, they can close the
gaps in contactless selling. Expert proofing (certificates, reviews, badges from a selling platform, etc.) is
primarily aimed at strengthening rational trust. Such proofing signals that a seller or a product has met
the criteria of some quality standards, thus decreasing the risks and efforts consumers have to make in
order to make a purchasing decision. According to Kamran et al. (2024), expert proofing is institutional
or structural (e.g., peer reviews), and it is especially valuable for customers in high-stakes buying
situations, where customers need reassurance more than peer reviews [7].

Both marketing influencers and expert validation require a balanced approach because these two
techniques can be over-commercialized, and if so, they will be less convincing. Skepticism will settle in
if the two techniques send consumers inconsistent messages. Credibility may be lost if the consumers
think the marketing is over-commercialized. In looking at these mechanisms, the focus is on the factors
that are not visible more than the mechanisms that are independent and in line with the consumers.

2.3.3. Fake Reviews and Credibility Risks

The increase in bad and fake reviews is a major obstacle to social proof systems. Fake reviews,
fake ratings, colluding sellers and buyers, and paying for reviews skew social signals and signals of social
systems. As these reviews become harder to recognize, and with increasing sophistication of Al-
generated content, the social proof these review systems rely on begins to fail [14].

There is a serious crisis and the systems’ social proof mechanisms are meant to employ
themselves to fail. Manipulated reviews lose trust from far more than just the products directly involved
[12]. It is the whole system, wholesalers and buyers, and the platforms at stake. In the end, fake reviews
are a classic example of a collective-action problem where the participants responsible for the short-
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term wins end up succumbing to a system that behaves fairly; with enough time, the whole ecosystem
suffers.

System rules, despite their simplicity, do offer a partial answer to the review problem [14]. They
have a social proof that customers appreciate. The balance of social proof is fragile; only trust from the
system admins can earn back the trust of the surrounding systems (See Figure 2). The lack of trust stems
from a lack of monitoring. The people in charge must show systems are reliable enough to be patrolled.
Only then will the social proof mechanisms return to function.

Reviews &
' Ratings
Absence of / X UGC . Reduced Risk &
Physical Contact /' Trust Formation

Influencers / Experts

Figure 2. Social Proof as a Trust Substitute in Online Sales
Source: Built by the author.

2.4. Digital Content Quality and User Experience
2.4.1. Visual Authenticity and Product Representation

Digital content has replaced physical inspection as the main way to evaluate products in online
sales settings. Therefore, trust-building goes beyond a marketing function for images, videos, and other
interactive media. Visual, high-quality, and realistic product displays promote cognitive trust by
alleviating product attribute uncertainty and inconsistencies between visual portrayals and actual
product performance, and are a common source of trust erosion [12; 16].

With respect to the product attribute, tactile or visual quality, trust erosion correlates to a lack of
display realism. Research has shown that consumer expectations of post-purchase disappointment are
negatively correlated, and purchase completion is positively correlated to the realism of the display.
From an analytical perspective, authenticity entails not a lack of content, but a display that aligns with
the product’s actual characteristics [7; 17].

The cognitive paradox of Al-generated images and editing in marketing is that while increasing
clarity and consistency fosters better perception of the showcased product, the risk of
misrepresentation is also high. The depiction of product characteristics cannot be enhanced beyond the
actual characteristics. Grewal et. Al, (2025) recommend the incorporation of ethical Al in marketing to
avoid the erosion of trust in consumers [1].

2.4.2. UX/UI Design as a Sign of Trust

The majority of individuals frequently fail to recognize how crucial user interface (UI) and user
experience (UX) design are to building a company’s credibility. Initial user views of trust are influenced
by elements such as interface design, navigation clarity, loading speed, and error recovery (or lack
thereof) [16]. Regardless of how competitive a company’s product and pricing options are, users may
even see a service as unreliable and a business as inept if the Ul/UX is poorly designed [3].

The heuristic processing theory, which holds that users base their confidence on design order and
consistency, while a lack of an overwhelmingly adequate usability is a trust-related function of UX/UI
design. According to Kamran et al. (2024), an organization’s perceived website quality is an implicit
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measure of its credibility that either increases or decreases an organization’s e-shopping trust and
attitudes [7].

When businesses use Al technologies, trust issues about user experience become even more
complex. Because of recommendation algorithms, adaptable interfaces, privacy concerns, and data
gathering difficulties, consumers may feel more confident and efficient, but they may also feel more
concerned. For confidence in the interaction, design transparency and user control over Al systems
appear to be especially and critically significant [15].

2.4.3. Al-Generated Content: Trust Opportunities and Threats

Al writing and communications tools have advanced significantly and are already a crucial
component of contemporary e-commerce, from product suggestions to chatbots for customer support
and product descriptions. Effective use of writing/messaging tools can increase scalability,
personalization, and consistency, all of which have a beneficial effect on cognitive trust [8; 18].

However, from an analytical standpoint, there is very little confidence in Al content. Using an Al
writing tool to streamline customer service is a good example of an appropriate use in the modern
world. The consumer will agree to the automation if they are aware of the service’s limitations and if it
is designed to accomplish a clear objective. Customers will lose faith in a service that is opaque, makes
it difficult for them to understand the tool’s limitations, and seems to be highly automated with little to
no human engagement [13].

The more widely Al is accepted, the more trust may be established in it, and the more human
integration, control, and visibility there is, the more trust customers will have [1; 2; 16] (See Table 2).

Table 2. Digital Content and UX Elements as Trust Signals

Digital Element Trust Dimension Affected Potential Trust Risk
Product visuals Cognitive trust Misrepresentation
UX/UI consistency Cognitive trust Perceived illegitimacy
Al-generated descriptions Cognitive trust Loss of authenticity
Personalization Emotional trust Privacy concerns

Source: Formed by the author.
2.5. Service Stability and Post-Purchase Trust
2.5.1. Delivery Reliability and Customer Support

In online transactions, a significant portion of the trust-building process takes place prior to the
purchase, but it also involves the seller’s behavior after the purchase. The majority of customers now
anticipate receiving their purchases within the time range specified before the sale. Customers start to
lose faith in vendors if they don’t deliver the product on time, supply the incorrect item, or deliver the
item at all, even if they had a good prior experience with the seller [3].

Because it lessens the emotional effect of issues and preserves consumers’ emotional trust, good
customer service is a trust stabilizer. According to Ibrahim and Zeebaree (2025), resolving service
issues is crucial since it entails maintaining consumers’ trust and mending any that may have been
damaged [5]. From an analytical perspective, systems that are error-free gain trust just as much as those
that are capable of handling errors. There are advantages and disadvantages to trust and Al customer
support solutions. Because Al solutions are affordable, they can have a favorable effect on online
transaction trust.

Yet, Al solutions are also perceived as being emotionally detached and incompetent, both of which
are detrimental to trust. According to Singh et al,, trust is crucial when using online shopping assistants
and will facilitate their uptake. This demonstrates that employing Al and automating customer service
contacts must be done in a way that prevents automation and indifference in crucial client interactions
[15].

2.5.2. Returns and Dispute Resolution

Policies regarding returns and dispute resolution mechanisms act as institutional safeguards
when they redistribute the misalignment of transactional risks. Simple, fair, and even enforceable
procedures decrease the consumers’ perceived loss, thereby raising the likelihood of consumers
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undertaking online transactions, specifically for experience goods, which consumers cannot evaluate
before committing. [12].

Systemically, returns cannot only be seen as a process; they can be seen as a process of trust. A
company’s assurance of potential quality, and a seller’'s commitment to good-selling policies, can be
symbolically communicated through generous return policies. In contrast, limited return policies can be
seen as defensive or opportunistic behavior. Kamran et al. (2024) indicate that, before making a
purchase decision, consumers often see a potential lack of returns as an anticipatory problem. [7].

Trust can be further instilled in the institution through the dispute mechanisms provided by the
platforms, which act as impartial mediators between buyers and sellers. According to Papastamoulou
and Antonopoulos (2025), the framework of trust established through standardization of the dispute
systems allows the platform to preserve trust even in the face of numerous and diverse sellers [10; 11].
However, the inconsistent application of systems and the perceived bias of the mediators further
accentuates the need for clear processes, especially accountability.

2.5.3. Long-Term Trust Formation

[ trust this is not a case of cumulative trust. Some examples of positive experiences are cognitive
and emotional trust, which increase the tolerance of uncertainty, while the reliance on external
validation mechanisms like ‘reviews’ and ‘influencer endorsement’ is reduced [3].

Once the trust is formed, the focus shifts from singular transactions to maintaining a relationship.
Customers start shifting from waiting on social review endorsement to habitual reliance on the trust
built gap to the service for commerce, which is positive. Ibrahim and Zeebaree (2025) mention how the
positive commerce relationship translates to decreased acquisition costs to the merchant, and increases
renewals [5].

From the commerce side, consistent positive service translates to trust being built. Conversely, it
is the repeat negative service that translates to trust being decreased (as negatives are from the same
service). Figure 3 demonstrates the relation of service/product trust to repeat patronage.

Purchase
completion

Long-Term
R{;!ums & Delivery
Relss(;)lg:ie(:n TI'U St performance
Formation

Customer
support

Figure 3. Post-Purchase Trust Reinforcement Cycle
Source: Built by the author.

3. Problem Statement
The primary goal of this paper is to provide a critical analysis of the online sales ecosystems where

trust mechanisms operate without the benefit of direct person-to-person interaction. Rather than
considering trust a singular psychological variable, I consider trust a composite, layered, systemically
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generated value from the phenomena of informational equity, social proof, content control, user
experience, and post-transaction service.

The study has three objectives. The first objective is to answer the question: what is trust in the
context of digital commerce, as I analyze the cognitive and emotional elements of trust and the role of
perceived risk and trust asymmetry in the buyer and seller antagonism. The second objective is to
analyze the role of transparency, reputation systems, Al content, and platform governance to identify
the paradoxical nature of their stabilizing features and their risks. The third objective is to identify and
analyze the frameworks of trust to present an integrative analytical model, positioning trust as an
ongoing, cumulative process rather than an outcome of a single, pre-transaction trust condition. By
utilizing the advancements in scholarship on trust in e-commerce, electronic word of mouth, Al, and
digital platforms, this paper seeks to address the issues related to the sustained trust mechanisms and
online sales.

4. Methods and Materials

4.1. Research Design

This study used an integrated conceptual research design to analyze the construction of trustin
e-commerce environments where there is no physical interaction. Instead of using primary empirical
data, the study uses a systematic review and synthesis of all relevant existing academic literature across
the fields of e-commerce, digital trust, artificial intelligence, and platform governance. This design is
both exploratory and explanatory and seeks to provide a holistic view of trust as a multidimensional
and systemically produced phenomenon. Unlike previous studies that have treated trust as a
unidimensional variable, this study conceptualized trust as an emergent product of interacting
technological, informational and institutional elements in digital markets.

4.2. Data Sources

This study is based on secondary data collected from peer-reviewed articles, conference
proceedings and preprints. The literature selected includes several thematic areas relevant to
contemporary digital commerce; specifically:

e Trust and risk perceptions of consumers in e-commerce.
Social proof mechanisms (electronic word-of-mouth).
Application of Artificial Intelligence in online commerce.
Governance of platforms and structures of digital markets.
Quality of UX/UI and digital content.

Sources were selected because they relate to current trends in digital commerce, with a
particular emphasis on studies published between 2023 and 2025 so as to capture recent advances in
Al-driven systems and platform-based sales environments.

4.3. Analytical Approach

This study employed a thematic and comparative analytical approach.

First, themes related to trust formation were extracted from the literature and grouped into
large analytical categories including;

e Transparency.

¢ Social Proof.

¢ Quality of Digital Content.
¢ Experience of the User.

¢ Governance of Platforms.
e Service Post Purchase.

Second, a comparative analysis was completed to differentiate among the various dimensions of
trust (cognitive and emotional), and to compare the influence of perceived risk and trust asymmetry in
buyer-seller relationships.

Third, the study applied conceptually synthesized knowledge to integrate insights from multiple
bodies of literature to find patterns, interdependence, and contradiction — especially with regard to the
dual role of artificial intelligence as a source of trust and distrust.
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4.4. Framework Development

Based upon the synthesis of the literature reviewed, the study developed an integrated analytical
framework that conceptualizes trust as a dynamic and cumulative process rather than a static
prerequisite to transactions.

The framework identifies three primary dimensions of trust:

¢ (Cognitive Trust — Derived from Information Accuracy and Rational Evaluation.
¢ Emotional Trust — Shaped by Experience of the User and Relational Interaction.
¢ Institutional Trust — Embedded in Governance of Platforms and Systemic Safeguards.

Each dimension is evaluated relative to its relationship to mechanisms and risks of building
trust. The final model demonstrates how trust evolves through repeated interactions in a marketplace,
and is either supported or diminished based on the consistent performance of the system (See Figure
4).

Social Proof
(reviews, ratings, influencers)
Transparency Digital Content Quality
(pricing, policies, communication) @ (product visuals, descriptions)

|
| Cognitive Trust 1{ {  Information asymmetry
(information accuracy,

rational evaluation)

1 X < Fake reviews
Enctona Tt | )| s Tos ( Rz |

Risks

(user experience, (platform govemance,
relational interaction) systemic safeguards)
:/ % < Misrepresentation
User Experience ﬁ Post-Purchase Systems
(UXJUL design, usability) TR . (delivery, support, retums,
Artificial Intelligence dispute resolution)

(recommendations,
automation, personalization)

l Repeated Interactions Over Time > Trust Evolution (Cumulative Process) >

Figure 4. Conceptual Framework developed by Dmytro Lavryniuk
Source: Built by the author.

4.5. Limitations of the Study

As a conceptual study, the research did not utilize primary empirical evidence. Although this
enables broad theoretical integration, it also restricts the potential to apply the findings broadly across
specific industries or platforms.

In addition, the study utilizes the existing literature. Therefore, the literature selected may contain
varying methodologies and assumptions regarding context. Future research can build upon this study
through empirical testing of the proposed framework — especially in the context of a specific platform
or cultural context.

5. Results

Trust in online retail is a multidimensional and systemically created construct. It is not simply an
individual’s psychological attitude toward the online retailer. Cognitive, emotional, and institutional
aspects interact with each other. They all contribute to how customers perceive the process of buying
something online without physically being there. Cognitive trust is developed mainly through an
evaluation of available data (e.g., product descriptions, prices, policies). Emotional trust develops
through the quality of customer experience, the quality of customer communication, and the post-
purchase relationship. Institutional trust is represented by the mechanisms that platforms create to
govern the sale (governance models; monitoring systems; and dispute resolution systems) to develop
trust. The three dimensions work together to form a dynamic system in which trust is formed
progressively rather than as a pre-requirement for participation.
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One of the main findings of the study was the essential role of transparency in reducing
uncertainty and allowing the development of trust. For example, transparent pricing, access to policies,
and accurate product information represent the primary means for customers to determine if a seller is
trustworthy. However, transparency does not automatically produce trust. Rather, the degree of
transparency has to be clear and consistent. Therefore, superficial or inconsistent transparency (i.e.,
vague pricing structures; opaque processes; etc.) can have a negative effect on the development of trust
even when other factors contributing to the development of trust exist. Transparency refers not only to
the existence of information, but also to the intelligibility and reliability of the information from the
perspective of the customer.

In addition to transparency, social proof mechanisms function as important alternatives to
physical experience-based assessments. Customer reviews, ratings, and user-generated content are
forms of indirect evidence that allow customers to assess products and retailers based on the
experiences of previous customers. Social proof functions through both cognitive and emotional routes
through providing informational cues and facilitating social validation. The results also reveal the
inherent vulnerabilities of social proof systems. Fake reviews, coordinated behaviors, and increasingly
sophisticated artificial intelligence-generated content introduce systemic risks that go beyond
individual transactions and may lead to erosion of trust in the entire platform ecosystem.

Additionally, high-quality digital content and user experience are found to be important
determinants of trust formation. Visual representation of products and realistic depictions of them
reduces ambiguity and supports cognitive trust by establishing an expectation of product performance.
Similarly, user interface and user experience design are used as heuristics to judge credibility. Through
design consistency, navigation clarity, and system performance, customers infer reliability and
competence of the retailer. Poorly-designed user interfaces, slow loading times, or unorganized layouts
can lead to instantaneous distrust of the retailer regardless of the quality of the product or service.

Artificial Intelligence (Al is recognized as a critical but ambiguous component in the formation of
trust. On one hand, Al increases the efficiency, scalability, and personalization of online retail, therefore
increasing cognitive trust through the improvement of relevance and information processing. On the
other hand, Al introduces new risks related to the transparency, perception of control, and
accountability of decision-making. A significant amount of trust in Al-mediated systems will depend
upon transparency, the awareness of users regarding their interactions, and the existence of human
oversight. When users perceive Al-mediated systems to be overly automated or difficult to understand,
they become skeptical and trust diminishes, although the functionality of the system improves.

Furthermore, the results of the study indicate that trust formation occurs not at the moment of
purchase, but also after the purchase. Post-purchase systems are a major contributor to trust formation.
Reliability of delivery, quality of customer support, return policies, and dispute resolution mechanisms
are very important in maintaining and strengthening trust over time. Well-functioning post-purchase
processes decrease perceived risk and counteract the negative effects of service failure. Positive
repeated experiences strengthen trust, and the need to rely on external validation mechanisms (e.g.,
reviews and ratings) decreases.

Finally, the results confirm the existence of structural trust asymmetry in the online purchasing
process. Retailers know much more about products and processes than do buyers. Buyers take on more
risk than do retailers. This unequal distribution of knowledge is alleviated somewhat by platform-level
mechanisms, such as buyer protection policies and institutional mechanisms. As a result, platform
governance is a major determinant of trust in the digital commerce ecosystem (See Table 3).

6. Discussion

6.1. Trust as a Systemic and Dynamic Construct

The findings of this study reinforce the idea that trust in online sales is not a single element of
consumer psychology, but a composite of different mechanisms developed through the interaction of
different factors. This supports previous research which has shown that consumer trust in e-commerce
is multi-faceted, comprising both cognitive, emotional and institutional elements that impact how they
behave in the marketplace. Unlike some researchers who have suggested that trust is a pre-condition to
transacting online, this study shows that trust emerges through the development of repeated
experiences and consistency in the signals received by consumers.
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Table 3. Key Findings on Trust Formation in Online Sales
Dimension Key Elements Role in Trust Formation Associated Risks
Multidimensi Cognitive, emotional, Trust emerges as an integrated Fragmentation of trust if
onal Trust institutional trust system rather than a single dimensions are
Structure factor; develops progressively inconsistent
through interaction
Transparency | Clear pricing, accessible Reduces uncertainty and Superficial or inconsistent

Social Proof

policies, accurate product
information
Reviews, ratings, user-
generated content,

perceived opportunism; enables
informed decision-making

Substitutes physical interaction;

provides informational and social

transparency undermines
credibility
Fake reviews,
manipulation, Al-

influencer validation validation cues generated content distort
trust signals
Digital Product visuals, Reduces ambiguity; aligns Misrepresentation and
Content descriptions, authenticity | expectations with actual product over-optimization reduce
Quality of representation performance trust
User Interface design, Acts as a heuristic signal of Poor design leads to
Experience navigation, speed, reliability and professionalism immediate distrust
(ux/un consistency regardless of product
quality
Artificial Personalization, Enhances efficiency and Opacity, perceived
Intelligence recommendations, relevance; supports cognitive manipulation, lack of
(AD) automated content, trust accountability
chatbots
Post-Purchase Delivery reliability, Reinforces and stabilizes trust Service failures and
Systems customer support, over time; enables recovery from | inconsistent policies erode
returns, dispute failures accumulated trust
resolution
Trust Information imbalance Platforms redistribute risk and Over-reliance on
Asymmetry between buyer and act as institutional trust anchors platforms; potential

seller; platform
mediation

Source: Formed by the author.

governance failures

In addition, the data indicates that trust in digital sales platforms should be seen as an emergent
property of the digital sales ecosystem, rather than being a function of a single mechanism. The interplay
between the four mechanisms of information transparency, platform governance, user experience and
post-sales systems illustrates the need for studies of trust to focus at the systemic level.

6.2. Interdependence of Trust-Building Mechanisms

Another important conclusion drawn from this research is the inter-dependency of trust building
mechanisms, specifically: transparency, social proof, digital content and platform governance.
Transparency has been identified in much of the literature as a means of reducing uncertainty and
perceived opportunistic behavior, especially in markets where buyers cannot physically inspect goods
[6]. However, these data show that transparency needs to be consistent across all areas of contact.
Inconsistent or fragmented forms of transparency may diminish trust regardless of whether other
mechanisms exist. Thus, we see that trust is increased by the coherence of signals, rather than simply
by isolating specific signals.

6.3. Social Proof and the Fragility of Digital Trust Signals

Social proof, as a replacement for physical interaction, is supported by existing research on e-
commerce. User-generated content and reviews provide crucial informational and normative cues to
inform purchasing decisions [12]. They allow consumers to evaluate products indirectly.

These systems, however, are inherently fragile. Fake reviews, coordinated review writing, and
artificially created content via Al threaten the integrity of these systems at a systemic level. This
supports concern about the decline in reliance on digital trust signals [14]. Therefore, while social proof
exists as a cue to inform trust, the existence of credible social proof alone does not ensure that trust will
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develop. Credibility and good governance of the systems creating and regulating social proof are also
required.

6.4. UX, Digital Content, and Heuristic Trust Formation

Consistent with the literature, the results demonstrate that digital content quality and user
experience serve as heuristic indicators of trust to initially form perceptions of trust before detailed
evaluations. The interface design, navigation ease of use and visual authenticity signal the organizations’
ability to execute and perform reliably [7]. Therefore, like prior research on perceived website quality
and trust formation [7], UX/UI design represents a key component of trust-building systems in digital
environments.

Trust in digital environments appears to be primarily influenced by cognitive heuristics. Users
rely upon the design quality and consistency of websites to determine credibility; thus, UX/UI design
represents more than a usability component - it represents a core component of trust-building systems
in digital environments.

6.5. The Paradoxical Role of Artificial Intelligence

One of the major findings of this study was the dual and paradoxical role of artificial intelligence
in trust formation. On the one hand, artificial intelligence enables personalized services, speed and
efficiency, and scalability, and therefore contributes positively to the user experience and the decision-
making processes of consumers [1; 2]. On the other hand, artificial intelligence generates new types of
uncertainties due to a lack of transparency, perception of manipulation, and accountability.

Therefore, the literature illustrates the structural contradiction in the context of artificial
intelligence. Artificial intelligence improves performance by automating certain functions, but lacks
transparency and therefore reduces user confidence. Especially if the decision-making processes are not
comprehensible. Algorithmic opacity and fairness problems are among the main obstacles to the
acceptance of artificial intelligence [13].

Thus, trust in Al-mediated systems depends on the functional effectiveness and transparency of
the system. Furthermore, the trust in Al-mediated systems depends on the possibility of explaining the
decision-making process, the willingness to take responsibility for the system’s actions, and the
possibility of human control over the system.

6.6. From Transactional to Relational Trust

Based on the findings of this study, trust progresses from a transactional type of trust based on
the first impressions provided by reviews and product descriptions to a relational type of trust that
emerges from past experiences. The post-purchase systems—delivery reliability, customer support,
dispute resolution—are essential in developing this transition.

This is in line with the literature that states that trust grows through a consistent performance of
the service and through successful recovery from failure [5]. Through repeated positive experiences,
consumers become less dependent on external validation mechanisms, and develop trust in the
company based on their own experiences. Therefore, it is evident that the long-term reliability of the
systems used to interact with consumers is a critical factor for establishing lasting relationships with
them.

6.7. Institutionalization of Trust and Platform Dependence

Lastly, the findings of this study illustrate a fundamental change from interpersonal to
institutionalized trust in online marketplaces. Platforms act as institutions of trust that enable
consumers to feel secure in their purchases and protect themselves against risks. In order to do so,
platforms establish governance mechanisms, enforcement systems and dispute resolution procedures
that reduce the perceived risk.

This is supported by research that illustrates that governance of platforms plays a critical role in
influencing trust in digital marketplaces [10]. However, because of the dependence on the platforms, the
failure of the platforms—such as failure in algorithms, inability to monitor—will undermine the trustin
the entire ecosystem.
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7. Conclusions

This research illustrates how the various components of technology, information, and institutions
combine to build trust in online transactions, especially in the absence of any physical contact. Trust is
created through a combination of transparency, social proof, quality of digital content, governance of
the platform, and the quality of service after the sale, which counters the uncertainty presented with
digital commerce. Unlike the traditional retail setting, where trust is easily built through personal
contact and physical inspection of the merchandise, online retail requires consumers to depend on
representations and cues that are driven by algorithms. As the research demonstrates, these cues can
be weak. Fraudulent information about the product, artificial reviews, and opaque algorithmic service
delivery can quickly destroy trust, even in the presence of multiple components that adequately
perform. Therefore, trust in online transactions should be viewed from the level of the ecosystem, as
opposed to just a dependent factor of the individual transaction. The increasing use of artificial
intelligence adds to this ecosystem complexity. The role of trust in digital commerce continues to
increase, with the governance of artificial intelligence and its alignment with real outcomes.

From a strategic point of view, the results indicate that, with online sales, the building of trust
needs to be regarded as the development of a coherent system over the long term, rather than as a series
of disparate marketing initiatives:

First, trust-building processes are most effective when the level of transparency the company
offers goes beyond superficial transparency, such as clear pricing, accurate description of the products,
and the conditions under which the services are provided. Transparency is most effective at building
trust when customers are able to understand the purpose of the information presented and the reason
for its particular construction.

Second, social proof mechanisms need to be cared for. Trust is easily substituted for reviews,
ratings, and influencer marketing, but it is easily lost and most difficult to regain when the mechanisms
of trust are loosened. Companies that do not moderate and police the trust mechanisms of their social
proof ultimately risk decreasing their level of trust in the system as a whole and, in the long-term, value
users.

Third, superior quality digital content and thoughtful UX/UI design should be viewed as
constructive trust signals rather than simply functional or aesthetic features. Design that demonstrates
Consistency, Clarity, and Authenticity reduces cognitive friction and signals institutional confidence.
When using Al-generated content, it should be aligned with verifiable product data and should be
supplemented with human involvement to ensure content authenticity.

Finally, post-purchase systems (including reliability of delivery, customer support, and support
for dispute resolution) play a critical role in trust stabilization over time. Trust, after all, is earned
through experience. Platforms and sellers that focus on service recovery and equitable dispute
resolution are most likely to convert transactional trust into relational trust.
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